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ABSTRACT 
 

A few field studies have reported high levels of in-cabin ultrafine particles and discussed certain contributing factors 
such as vehicle operations and atmospheric meteorological conditions. However, to generalize limited field study results to 
a wide range of conditions, a deeper understanding of affecting factors and a simple model that can predict on-road particle 
concentrations are essential. This paper has two objectives, first, to analyze the effects of surrounding vehicle density, 
relative freeway lane position, and vehicle speed on measured particle concentrations on two California freeways, I-405 
(5% diesel) and I-710 (25% diesel). The second objective is to test the use of Emission Factor (EMFAC) 2007 and Caline4 
(CL4) models in predicting on-road particle concentrations. Particle number and mass concentrations were collected using a 
mobile laboratory driving on the I-710 and I-405 freeways. Particle number concentration was found to be affected by the 
density of surrounding heavy duty diesel trucks which is consistent with previous studies. The highest particle number 
concentrations were measured in the outer lanes on the freeway and the lowest was in the inner lanes. The highest levels of 
particles were measured at vehicle speeds of 40–50 mph. Analysis of CL4 model was conducted using factor-of-two test. For 
the I-710, 85% of values were within the factor-of-two envelope, and for the I-405, 77% were within the envelope. 
Regression analysis showed that the model is able to account for 43% of the variability on the I-710 and 26% of the 
variability on the I-405. The use of CL4 in conjunction with EMFAC shows promise as a simple tool to estimate on-road 
PM2.5 concentration.  
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INTRODUCTION 
 

Exposure to particulate matter (PM) and in particular, 
ultrafine particles (UFPs, diameter < 100 nm), have been 
associated with increasing mortality and morbidity rates by 
many epidemiological studies (Johnston et al., 2000; 
Donaldson et al., 2002; MacNee and Donaldson, 2003; 
Gilmour et al., 2004; Kleinman et al., 2008; Nemmar and 
Inuwa, 2008; Zuurbier et al., 2011). In an urban area, 
traffic emissions are the dominant source of UFPs and 
other air pollutants (Cyrys et al., 2008). On-road studies 
found that 17–50% of total daily UFP exposure was from 
on-road vehicle emissions during commutes (Zhu et al., 
2007; Fruin et al., 2008; Wallace and Ott, 2011).  

Differences in on-road concentrations of PM are results 
of several factors, such as vehicle types, traffic intensity, 
and meteorology. Many studies have attempted to identify 
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the factors associated with high pollutant concentrations 
and their relative contributions. Olivares et al. (2007) found 
a distinctive dependence of particle number concentration, 
normalized by NOx, on ambient temperature and relative 
humidity in a street canyon. Weijers et al. (2004) explained 
the large spatial differences in UFP concentrations with 
traffic density and driving patterns. A study in Denmark 
also found that traffic density, especially of diesel vehicles, 
was an important explanatory variable for particle number 
concentration along roads (Palmgren et al., 2003). Fruin et 
al. (2008) showed 60–70% of the variability in their 
measurement of UFP, black carbon (BC), NOx and particle-
bound polycyclic aromatic hydrocarbons (PM-PAHs) could 
be attributed to diesel truck density and hour of day (as an 
indicator of wind speed).The cited studies have analyzed 
and identified important factors affecting on-road levels of 
PM. However, there still remain knowledge gaps on factors 
affecting on-road PM levels. 

From the perspective of commuter exposure, it is important 
to consider the in-cabin to on-road (I/O) ratio for pollutant 
concentrations. Several studies have found that the I/O 
ratio for UFP is approximately 50% and can be as high as 
90% and are affected by ventilation settings, vehicle speed, 
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vehicle age, and filter efficiency (Xu and Zhu, 2009; Hudda 
et al., 2011; Xu et al., 2011; Bigazzi and Figliozzi, 2012). 
Furthermore, in-cabin PM concentrations depend directly 
on ambient and on-road levels (Geiss et al., 2010). While 
models estimating in-cabin exposures are being developed 
(Liu and Frey, 2011; Hudda et al., 2012), there are no 
established models that predict on-road PM concentrations. 
Having a model for on-road PM levels can be a cost 
effective method to provide the critical link to assess in-
cabin exposures. Emission Factor (EMFAC) 2007 is a 
modeling program developed by the California Air Resources 
Board (ARB) to estimate emission rates of various pollutants 
from motor vehicles traveling on California roadways. 
Estimates of emission inventories can be generated by the 
model on state-wide and regional scales. The EMFAC model 
accounts for large scale seasonal effects and also vehicle 
effects (i.e., driving speed) in its emission factor predictions. 
When combined with the Caline4 (CL4) dispersion model, 
exposures to vehicle emitted pollutants can be predicted. 
The application of these models have shown good results 
for modeling near-roadway and urban concentrations of 
PM (Benson, 1984; Yura et al., 2007b; Chen et al., 2008). 
However, it has not been tested for use in prediction of on-
road PM concentration. This paper will use the measured PM 
data from Zhu et al. (2008) to achieve two objectives. First, 
examine the impacts of freeway lane, traffic speed, and 
traffic makeup, on PM levels on the I-710 and I-405. 

Second, evaluate to what extent the EMFAC and CL4 models 
can predict on-road PM levels.  
 
METHODS 
 
Measurement and Data Set 

A full description of the on-road data collection was 
presented by Zhu et al. (2008). Briefly, a mobile laboratory 
was used to collect air pollutant concentrations on two Los 
Angeles freeways, I-405 and I-710. I-405 is one of the 
busiest freeways in the US, with nine to ten lanes and 
approximately 5% diesel traffic, while I-710 is a truck-
shipping route with nine to ten lanes and about 25% of 
heavy duty diesel trucks (HDDT) (Zhu et al., 2002a, b). 
Experiments were conducted for each freeway (I-710 and 
I-405) once each month in the period from June 2006 to 
May 2007. One supplemental experiment was conducted in 
May 2008 totaling 13 experiments for each freeway. Each 
experiment was approximately two hours from 10 am to 12 
pm, during which the van made continuous loops on the 
designated routes as labeled in Fig. 1. Instruments used during 
the experiments and their resolution as listed in Table 1. 
Pollutant concentration measurements were organized into 
one minute averages and UFP size distribution measurements 
were kept at two minute resolution. The meteorological 
data, including wind speed, wind direction, temperature, and 
relative humidity were obtained from weather monitoring 

 

  
Fig. 1. The experimental routes for the I-405 and the I-710 freeways. The PM2.5 monitoring station locations are marked 
using the circle icons. The weather stations are marked using star icons and labeled with their location and (station) names. 
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Table 1. Measured environmental parameters and instrument response times. 

Species/Parameter Instrument Response time (sec.) 
UFP size distribution TSI, SMPS 3936 with DMA 3081 100 up, 20 down scan 

Particle number concentration TSI, CPC 3785 1 
PM2.5 (Real-time) TSI, DustTrak 8520 60 
PM2.5 (Integrated) SKC, PEM Sampler N/A 

BC Magee Scientific, AE-42 60 
CO, CO2, RH, Temp. TSI, Q-Trak Plus 60 

PM-PAH EcoChem, PAS 2000 30 
NO, NO2, NOx API, 200AU 1 

 

stations near the I-710 and I-405 freeways (Fig. 1). In 
general, the prevailing wind directions were coming from 
west to east and were approximately perpendicular to the 
freeway experimental routes. 

The mobile laboratory was a modified 2002 Chevrolet 
Express 9-passenger van used for vanpools. Details of the 
mobile laboratory are described in Zhu et al. (2008). The 
ratio of PM number concentration inside the van to on-road 
levels, measured using two condensation particle counters, 
is approximately 85 ± 5% (Zhu et al., 2008). The measured 
in-cabin PM2.5 concentration was divided by this factor 
(0.85) to obtain the on-road concentration. The high I/O 
ratio measured in the mobile laboratory could be attributed 
to the lack of an air filter in the ventilation system of the 
van. Factors affecting the in-cabin concentration considered 
in this paper include freeways, freeway lanes, surrounding 
traffic make-up, and traffic speeds. 
 
Model Estimation of PM2.5 

There are currently no established models that can predict 
on-road air pollutant concentrations. The CL4 program is a 
dispersion modeling software to estimate exposures to CO 
from mobile sources (Benson, 1992) and has been adapted 
to estimate urban and near roadway concentrations of PM 
(Gramotnev et al., 2003; Batterman et al., 2010). The CL4 
model has not been validated for dispersion of UFP and 
EMFAC is only equipped to generate emission factors for 
PM2.5. Therefore, in this paper the two model programs 
were used only to estimate on-road PM2.5 levels. Required 
inputs include meteorological conditions, roadway geometry, 
emission factors, and traffic volumes. In addition the software 
allows for the input of background PM2.5 concentrations, 
which were obtained from ARB monitoring stations. The 
station locations are marked in Fig. 1, daily average PM2.5 
levels were used because hourly data were not available. The 
length of experimental route is approximately 27,000 m for 
the I-710 and 46,000 m for the I-405. CL4 requires the 
modeled line source to be divided into “links” less than 
10,000 m. The I-710 was divided into four equal links (6,750 
m) and the I-405 into five links (9,200 m). The average width 
for one direction (four lanes) of the I-710 and the I-405 is 20 
m and 23 m respectively. A roadside receptor of 6.4 m away 
from each link was used. This was the closest distance that 
can be used while maintaining the validity of model results 
(Chen et al., 2008; Liu and Frey, 2011). Meteorological data 
obtained from the weather stations for each corresponding 
freeway (Fig. 1) and the experimental dates were used for 

the program inputs. Traffic volume data were obtained for the 
two hour period of each experiment date from monitoring 
stations managed by Caltrans Performance Measurement 
System (PeMS) located along the experiment routes (23 
stations for I-710 and 57 stations for I-405). 

The EMFAC2007 model is used to generate average 
emission factors for a whole vehicle fleet or certain vehicle 
classes (i.e., light duty automobile, light duty trucks, etc.) 
in a specified geographical region (i.e., South Coast Air 
Basin). In general, it provides good estimates of PM10 and 
PM2.5 emission factors relative to other modeling programs 
(Smit et al., 2010; Park et al., 2011). Emission factors were 
generated for the experimental runs on the I-710 and I-405 
freeways using the corresponding temperature, humidity, 
and vehicle speed data. Because the vehicle composition on 
the freeways may not be representative of the regional vehicle 
composition, the emission factors needed to be weighted 
accordingly. In general, the I-710 freeway is approximately 
25% HDDT while the I-405 is approximately 5% HDDT 
(Zhu et al., 2002a, b). Therefore, EMFAC generated emission 
factors for light duty automobile (LDA) and HDDT were 
weighted accordingly.  
 
RESULTS AND DISCUSSION 
 
Traffic Make-up Effects 

Fig. 2 presents total particle number concentrations as a 
function of number of vehicles surrounding the testing van 
based on collected video images (Zhu et al., 2008). Four 
types of vehicles were considered: passenger cars, pick-up 
trucks, light-duty diesel vehicles, and HDDT. For each type, 
the number of surrounding vehicles and frequencies of that 
vehicle type are shown by the gray bars.  

The van was generally surrounded by more non-diesel 
than diesel vehicles. A clear increase of total particle number 
concentrations with increasing number of surrounding 
HDDT was observed in Fig. 2(d). No strong relationship 
was observed between total particle number concentrations 
and the other three types of vehicles, as shown in Figs. 2(a), 
(b), and (c). When there was no surrounding HDDT, the 
average particle number concentration was about 7.5 × 104 
cm–3. It increased by 33% when two HDDT were present. 
When there were more than three surrounding HDDT, the 
average particle number concentration inside the van was 
more than 1.2 × 105 cm–3. Such increases of UFPs with 
surrounding diesel truck traffic have also been reported by 
Westerdahl et al. (2005) and Fruin et al. (2008). 
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Fig. 2. Total particle number concentration versus number of surrounding vehicles of four different types, (a) passenger 
car, (b) pick-up truck, (c) light-duty diesel, and (d) heavy-duty diesel. Data from both freeways were averaged. Error bars 
indicate standard error. Gray bars present the frequency that a certain number of vehicles were surrounding the test van. 

 

Freeway Lane Effects 
Fig. 3 shows the difference of measured particle 

concentrations while traveling on different lanes on both 
freeways. Each point represents an average of approximately 
60 and 150 one-minute measurements on the I-710 and I-
405, respectively. Fig. 3(a) shows the average concentrations 
for I-405 and Fig. 3(b) shows the average concentrations 
for I-710. The closed symbols represent the particle number 
concentration and the open symbols represent the PM2.5 
mass concentration. In general, measured particle number 
and mass concentrations were higher on the I-710 than I-405. 
There are some inter-lane variations in the particle number 
concentrations measured on the I-405, but the range is 
relatively small from 7.0 × 104 to 8.0 × 104 cm–3. The 
variation by lane was much greater on the I-710. The 
average particle number concentration across the lanes ranged 
from 8.0 × 104 to 1.2 × 105 cm–3. Average PM2.5 mass 
concentrations across the lanes ranged from 38.0 to 54.0 
µg/m3 on the I-405 and from 46.0 to 59.0 µg/m3 on the I-710.  

The profile of particle number concentration across the 
lanes on the I-405 does not present any patterns and does 
not track with the concentration profile of PM2.5. On the I-
710, the particle number concentrations in the middle lanes 
were lower than those on the outside lanes. The lowest was 
observed on lane 6, while the highest was on lane 1 and 8. 
The PM2.5 profile is similar to the particle number profile 

in that the lowest concentrations were measured in lane 6.  
The understanding of the vehicle lane effect on particle 
concentration is complex because there are several 
contributing factors. One factor is the restriction of HDDT, 
which are the strongest source of PM on the I-710 (Fruin et 
al., 2008), to the right two lanes for multilane highways 
with four or more lanes one way (California Vehicle Code 
21655). Another factor is the interaction between cross-winds 
and vehicle induced turbulence (VIT). In general, the cross-
winds serve to disperse emitted pollutants and VIT can 
contribute to their vertical diffusion, which ultimately affects 
downwind particle concentrations (Gordon et al., 2012). 
However, the presence of road barriers (e.g., sound walls, 
center dividers, and vehicles) can increase on-road particle 
concentrations by creating stagnant zones downwind of a 
barrier (Hagler et al., 2011). Furthermore, wakes left by 
moving vehicles create eddies that entrain emitted pollutants 
(Baker, 2001) and affect particle formation dynamics 
(Carpentieri and Kumar, 2011). These factors contribute to 
the variability in the concentration of PM measured across 
the lanes of I-405 and I-710. Tests directed at measuring 
VIT effects are needed and will prove valuable in improving 
model predictions of particle concentration. 

 
Vehicle Speed Effects 

The influence of driving speed on the concentration
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Fig. 3. Effects of relative lane positions on particle number concentrations and PM 2.5 mass concentrations for (a) all 
measurements on I-405, and (b) all measurements on I-710. The prevailing wind direction goes from lane 1 to lane 8. The 
freeway center divider is between lanes 4 and 5. Closed symbols represent particle number concentration and open symbols 
represent PM 2.5 mass concentration. Error bars display standard errors.  

 

levels in the test van varied with different air pollutants 
(Fig. 4). A slight peak in particle number concentration of 
1.25 × 105 cm–3 was associated with the speed around 40-
50 mph. Competing processes are involved with respect to 
particle concentration and vehicle speed. Particle emissions, 
especially the nuclei mode particles, from tail pipes increased 
with vehicle speed (Giechaskiel et al., 2005). Faster 
driving speeds also increases the I/O ratio for the particle 
concentration (Xu and Zhu, 2009; Hudda et al., 2011). 
This results in the increase in UFP concentrations with faster 
van speeds. However, faster vehicle speed also increases the 
particle deposition rate of particles inside the cabin (Gong 
et al., 2009). Faster vehicle speed also increases the distance 
between vehicles that may contribute to lower particle 
number concentration. A similar trend was observed for 
the NOx and PM-PAHs concentration. Kean et al. (2003), 
found NOx and CO emission factors increase with vehicle 
speed but plateau around 55 mph. Measured NOx and CO 
concentrations increased with vehicle speeds up to 50 mph 
(Fig. 4). At higher speeds, concentrations decrease due to 
lower traffic density and increased air dilution (Vogt et al., 
2003; Ning and Sioutas, 2010). PM2.5 and CO concentration 
inside the van didn’t change much with driving speeds. 
But for BC, the trend was a little different. When the van 
speed was lower than 50 mph, the BC levels were 
constant. When the van speed was higher than 50 mph, BC 
concentrations decreased with the speed. BC is formed 
from the incomplete combustion of fuel. Lower driving 
speed increases the percentage of incomplete combustion 
and therefore resulted in higher BC (Owen, 2005).  
 
Model Estimation of PM2.5 

The CL4 model used emission factors predicted by 
EMFAC to estimate in-cabin PM2.5 concentrations. The 
model estimate was compared to gravimetric PM2.5 
measurements inside the van. The “factor-of-two” plot was 
used to assess model performance. If, 75% of the data points 
fall within the factor-of-two envelop, the model results are 

considered good in predicting true values (Benson, 1984; 
Yura et al., 2007a; Chen et al., 2008; Liu and Frey, 2011). 
Figs. 5(a) and 5(b) show that approximately 85% of the 
points for the I-710 and 77% of the points for the I-405 fall 
within the factor-of-two envelope. Therefore, the CL4 
together with EMFAC gave good predictions of on-road 
PM2.5 concentrations. 

A linear regression analysis was performed for the I-710 
and I-405 data sets (Figs. 5(c) and 5(d)). The calculated R2 
value for the I-710 was approximately 43%, implying that 
CL4 model together with EMFAC generated emission 
factors can capture about 40% of the data variability in 
predicting on-road PM2.5 concentrations. The calculated R2 
value for the I-405 was not as high (26%). The data points 
for both freeways were all within the 95% prediction 
interval (PI) but only 61% of the points were within the 
95% confidence interval (CI).  

The regression analysis results suggest that the CL4 
model can account for some of the parameters affecting the 
concentration of on-road PM2.5, but a large percentage is 
unaccounted. The CL4 models particle dispersion from a 
line source and accounts for large meteorological conditions 
such as wind direction and speed. However, it does not 
account for smaller scale effects such as what lane the 
vehicle is traveling in. Variability in particle concentration 
is seen across lanes on both freeways. This effect is most 
strongly observed on the I-710 (Fig. 3(b)) where particle 
concentrations decreased dramatically in lane 6. An important 
factor is VIT on the formation and dispersion process for 
on-road particles. Studies have shown that VIT has a strong 
influence of dispersion model predictions (Rao et al., 2002; 
Sahlodin et al., 2007). However, more studies directed at 
understanding VIT effects for on-road particles are still 
needed. Furthermore, surrounding HDDT density clearly 
effected the measured number concentration, but such an 
effect is not reflected in the EMFAC estimated emission 
factor used in the CL4 model. Despite the shortcomings of 
CL4 in predicting on-road PM2.5 concentrations, the 
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Fig. 4. Effects of driving speeds on air pollutant concentrations. Error bars display standard deviation. 

 

results were still considered good based on the factor-of-
two analysis. This suggests that there is some merit in using 
CL4 in conjunction with a weighted EMFAC emission 
factor to predict on-road PM concentrations and warrants 
more in-depth analysis to improve the model prediction. 
 
CONCLUSIONS 
 

Analysis of the effect of surrounding vehicle type on in-
cabin PM concentration revealed that particle number 
concentration has a positive relationship with HDDT. On 
the I-710, lanes 1 and 8 had the highest average particle 
concentration while lane 6 had the lowest. This could be 
due to the restriction of HDDT to the right two lanes on 
California freeways, thus concentrating the strongest source 

of on-road PM. Inter-lane variability of particle concentration 
is observed on both freeways. Factors such as cross-winds, 
VIT, and the position of HDDT possibly account for the 
variability. When vehicle speeds were between 40 and 50 
mph, the highest particle number concentration, NOx 
concentration, and PM-PAH concentrations were observed. 
Concentrations of BC decreased as a function of vehicle 
speeds above 50 mph and are likely due to the efficiency 
of the fuel combustion process at higher speeds. 

While there is currently a strong effort to develop in-
cabin particle exposure models, there is a gap with on-road 
particle model. EMFAC emission model and CL4 dispersion 
model were tested to see if they can be used to estimate 
on-road levels PM2.5. Results indicate that the models are 
acceptable (more than 75% within factor-of-two envelope)
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Fig. 5. Gravimetric PM2.5 measurements versus Caline4 Model PM2.5 predictions for (a) the I-710 freeway and (b) the I-405 
freeway. Linear regression with the 95% confidence and prediction intervals are shown in (c) for I-710 and in (d) for I-405. 

 

at estimating on-road PM2.5 concentrations. However, the 
models only accounted for at most 43% of the variability. 
The factor analysis results suggests that the small scale 
factors (surrounding vehicle make-up and vehicle lane) may 
not be reflected in the models input parameters. Regardless, 
there is potential to effectively use these models and thus 
warrants more in-depth analysis. 
 
ACKNOWLEDGEMENTS  
 

This work was supported by the Southern California 
Particle Center and Supersite: U.S. Environmental 
Protection Agency grant number R82735201, California 

Air Resources Board contract number 04-324 and the 
Southern California Environmental Health Center, National 
Institute of Environmental Health Sciences (NIEHS) Grant 
# 5 P30 ES07048. 
 
REFERENCES 
 
Baker, C.J. (2001). Flow and Dispersion in Ground 

Vehicle Wakes. J. Fluids Struct. 15: 1031–1060. 
Batterman, S.A., Zhang, K. and Kononowech, R. (2010). 

Prediction and Analysis of Near-Road Concentrations 
Using a Reduced-Form Emission/Dispersion Model. 
Environ. Health 9: 29. 

(b) (a) 

(d) (c) 



 
 
 

Fung et al., Aerosol and Air Quality Research, 13: 1693–1701, 2013 1700

Benson, P.E. (1984). Caline4-a Dispersion Model for 
Predicting Air Pollutant Concentrations near Roadways, 
Final Report. 

Benson, P.E. (1992). A Review of the Development and 
Application of the CALINE3 and 4 Models. Atmos. 
Environ. Part B 26: 379–390. 

Bigazzi, A.Y. and Figliozzi, M.A. (2012). Impacts of 
Freeway Traffic Conditions on in-Vehicle Exposure to 
Ultrafine Particulate Matter. Atmos. Environ. 60: 495–
503. 

Carpentieri, M. and Kumar, P. (2011). Ground-Fixed and 
on-Board Measurements of Nanoparticles in the Wake 
of a Moving Vehicle. Atmos. Environ. 45: 5837–5852. 

Chen, H., Bai, S., Eisinger, D., Niemeier, D. and Claggett, 
M. (2008). Modeling Uncertainties and Near-Road PM2.5: 
A Comparison of CALINE4, CAL3QHC and Aermod, 
Department of Civil and Environmental Engineering, 
University of California-Davis, Davis, CA. 

Cyrys, J., Pitz, M., Heinrich, J., Wichmann, H.E. and Peters, 
A. (2008). Spatial and Temporal Variation of Particle 
Number Concentration in Augsburg, Germany. Sci. Total 
Environ. 401: 168–175. 

Donaldson, K., Brown, D., Clouter, A., Duffin, R., MacNee, 
W., Renwick, L., Tran, L. and Stone, V. (2002). The 
Pulmonary Toxicology of Ultrafine Particles. J. Aerosol 
Med. 15: 213–220. 

Fruin, S., Westerdahl, D., Sax, T., Sioutas, C. and Fine, 
P.M. (2008). Measurements and Predictors of on-Road 
Ultrafine Particle Concentrations and Associated Pollutants 
in Los Angeles. Atmos. Environ. 42: 207–219. 

Geiss, O., Barrero-Moreno, J., Tirendi, S. and Kotzias, D. 
(2010). Exposure to Particulate Matter in Vehicle Cabins 
of Private Cars. Aerosol Air Qual. Res. 10: 581–588. 

Giechaskiel, B., Ntziachristos, L., Samaras, Z., Scheer, V., 
Casati, R. and Vogt, R. (2005). Formation Potential of 
Vehicle Exhaust Nucleation Mode Particles on-Road 
and in the Laboratory. Atmos. Environ. 39: 3191–3198. 

Gilmour, P.S., Ziesenis, A., Morrison, E.R., Vickers, M.A., 
Drost, E.M., Ford, I., Karg, E., Mossa, C., Schroeppel, 
A., Ferron, G.A., Heyder, J., Greaves, M., MacNee, W. 
and Donaldson, K. (2004). Pulmonary and Systemic 
Effects of Short-Term Inhalation Exposure to Ultrafine 
Carbon Black Particles. Toxicol. Appl. Pharmacol. 195: 
35–44. 

Gong, L., Xu, B. and Zhu, Y. (2009). Ultrafine Particles 
Deposition Inside Passenger Vehicles. Aerosol Sci. 
Technol. 43: 544–553. 

Gordon, M., Staebler, R.M., Liggio, J., Makar, P., Li, 
S.M., Wentzell, J., Lu, G., Lee, P. and Brook, J.R. (2012). 
Measurements of Enhanced Turbulent Mixing near 
Highways. J. Appl. Meteorol. Climatol. 51: 1618–1632. 

Gramotnev, G., Brown, R., Ristovski, Z., Hitchins, J. and 
Morawska, L. (2003). Determination of Average Emission 
Factors for Vehicles on a Busy Road. Atmos. Environ. 
37: 465–474. 

Hagler, G.S.W., Tang, W., Freeman, M.J., Heist, D.K., Perry, 
S.G. and Vette, A.F. (2011). Model Evaluation of 
Roadside Barrier Impact on Near-Road Air Pollution. 
Atmos. Environ. 45: 2522–2530. 

Hudda, N., Kostenidou, E., Sioutas, C., Delfino, R.J. and 
Fruin, S.A. (2011). Vehicle and Driving Characteristics 
that Influence in-Cabin Particle Number Concentrations. 
Environ. Sci. Technol. 45: 8691–8697. 

Hudda, N., Eckel, S.R., Knibbs, L.D., Sioutas, C., Delfino, 
R.J. and Fruin, S.A. (2012). Linking in-Vehicle Ultrafine 
Particle Exposures to on-Road Concentrations. Atmos. 
Environ. 59: 578–586. 

Johnston, C.J., Finkelstein, J.N., Mercer, P., Corson, N., 
Gelein, R. and Oberdorster, G. (2000). Pulmonary Effects 
Induced by Ultrafine PTFE Particles. Toxicol. Appl. 
Pharmacol. 168: 208–215. 

Kean, A.J., Harley, R.A. and Kendall, G.R. (2003). Effects 
of Vehicle Speed and Engine Load on Motor Vehicle 
Emissions. Environ. Sci. Technol. 37: 3739–3746. 

Kleinman, M.T., Araujo, J.A., Nel, A., Sioutas, C., Campbell, 
A., Cong, P.Q., Lia, H. and Bondy, S.C. (2008). Inhaled 
Ultrafine Particulate Matter Affects CNS Inflammatory 
Processes and May Act via Map Kinase Signaling 
Pathways. Toxicol. Lett. 178: 127–130. 

Liu, X.Z. and Frey, H.C. (2011). Modeling of in-Vehicle 
Human Exposure to Ambient Fine Particulate Matter. 
Atmos. Environ. 45: 4745–4752. 

MacNee, W. and Donaldson, K. (2003). Mechanism of 
Lung Injury Caused by PM10 and Ultrafine Particles 
with Special Referance to Copd. Eur. Respir. J. 21: 
47S–51S. 

Nemmar, A. and Inuwa, I.M. (2008). Diesel Exhaust Particles 
in Blood Trigger Systemic and Pulmonary Morphological 
Alterations. Toxicol. Lett. 176: 20–30. 

Ning, Z. and Sioutas, C. (2010). Atmospheric Processes 
Influencing Aerosols Generated by Combustion and the 
Inference of Their Impact on Public Exposure: A 
Review. Aerosol Air Qual. Res. 10: 43–58. 

Olivares, G., Johansson, C., Strom, J. and Hansson, H.C. 
(2007). The Role of Ambient Temperature for Particle 
Number Concentrations in a Street Canyon. Atmos. 
Environ. 41: 2145–2155. 

Owen, B. (2005). Air Quality Impacts of Speed-Restriction 
Zones for Road Traffic. Sci. Total Environ. 340: 13–22. 

Palmgren, F., Wahlin, P., Kildeso, J., Afshari, A. and 
Fogh, C.L. (2003). Characterisation of Particle Emissions 
from the Driving Car Fleet and the Contribution to 
Ambient and Indoor Particle Concentrations. Phys. 
Chem. Earth. 28: 327–334. 

Park, S.S., Kozawa, K., Fruin, S., Mara, S., Hsu, Y.K., 
Jakober, C., Winer, A. and Herner, J. (2011). Emission 
Factors for High-Emitting Vehicles based on on-Road 
Measurements of Individual Vehicle Exhaust with a 
Mobile Measurement Platform. J. Air Waste Manage. 
Assoc. 61: 1046–1056. 

Rao, K.S., Gunter, R.L., White, J.R. and Hosker, R.P. (2002). 
Turbulence and Dispersion Modeling near Highways. 
Atmos. Environ. 36: 4337–4346. 

Sahlodin, A.M., Sotudeh-Gharebagh, R. and Zhu, Y. (2007). 
Modeling of Dispersion near Roadways Based on the 
Vehicle-Induced Turbulence Concept. Atmos. Environ. 
41: 92–102. 

Smit, R., Ntziachristos, L. And Boulter, P. (2010). Validation 



 
 
 

Fung et al., Aerosol and Air Quality Research, 13: 1693–1701, 2013 1701

of Road Vehicle and Traffic Emission Models – A 
Review and Meta-Analysis. Atmos. Environ. 44: 2943–
2953. 

Vogt, R., Scheer, V., Casati, R. and Benter, T. (2003). On-
Road Measurement of Particle Emission in the Exhaust 
Plume of a Diesel Passenger Car. Environ. Sci. Technol. 
37: 4070–4076. 

Wallace, L. and Ott, W. (2011). Personal Exposure to 
Ultrafine Particles. J. Exposure Sci. Environ. Epidemiol. 
21: 20–30. 

Weijers, E.P., Khlystov, A.Y., Kos, G.P.A. and Erisman, J.W. 
(2004). Variability of Particulate Matter Concentrations 
along Roads and Motorways Determined by a Moving 
Measurement Unit. Atmos. Environ. 38: 2993–3002. 

Westerdahl, D., Fruin, S., Sax, T., Fine, P.M. and Sioutas, 
C. (2005). Mobile Platform Measurements of Ultrafine 
Particles and Associated Pollutant Concentrations on 
Freeways and Residential Streets in Los Angeles. 
Atmos. Environ. 39: 3597–3610. 

Xu, B. and Zhu, Y.F. (2009). Quantitative Analysis of the 
Parameters Affecting in-Cabin to on-Roadway (I/o) 
Ultrafine Particle Concentration Ratios. Aerosol Sci. 
Technol. 43: 400–410. 

Xu, B., Liu, S.S., Liu, J.J. and Zhu, Y.F. (2011). Effects of 
Vehicle Cabin Filter Efficiency on Ultrafine Particle 
Concentration Ratios Measured in-Cabin and on-
Roadway. Aerosol Sci. Technol. 45: 234–243. 

Yura, E.A., Kear, T. and Niemeier, D. (2007a). Using 
Caline Dispersion to Assess Vehicular PM2.5 Emissions. 

Atmos. Environ. 41: 8747–8757. 
Yura, E.A., Kear, T. and Niemeier, D. (2007b). Using 

Caline Dispersion to Assess Vehicular PM2.5 Emissions. 
Atmos. Environ. 41: 8747–8757. 

Zhu, Y., Hinds, W.C., Kim, S. and Sioutas, C. (2002a). 
Concentration and Size Distribution of Ultrafine Particles 
near a Major Highway. J. Air Waste Manage. Assoc. 52: 
1032–1042. 

Zhu, Y.F., Hinds, W.C., Kim, S., Shen, S. and Sioutas, C. 
(2002b). Study of Ultrafine Particles near a Major Highway 
with Heavy-Duty Diesel Traffic. Atmos. Environ. 36: 
4323–4335. 

Zhu, Y.F., Eiguren-Fernandez, A., Hinds, W.C. and Miguel, 
A.H. (2007). In-Cabin Commuter Exposure to Ultrafine 
Particles on Los Angeles Freeways. Environ. Sci. Technol. 
41: 2138–2145. 

Zhu, Y.F., Fung, D.C., Kennedy, N., Hinds, W.C. and 
Eiguren-Fernandez, A. (2008). Measurements of Ultrafine 
Particles and other Vehicular Pollutants inside a Mobile 
Exposure System on Los Angeles Freeways. J. Air Waste 
Manage. Assoc. 58: 424–434. 

Zuurbier, M., Hoek, G., Oldenwening, M., Meliefste, K., 
van den Hazel, P. and Brunekreef, B. (2011). Respiratory 
Effects of Commuters' Exposure to Air Pollution in Traffic. 
Epidemiology 22: 219–227. 

 
 

Received for review, April 3, 2013 
Accepted, June 5, 2013 

 


